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Here DataOps/MLOps
IS a management loop

Releasing models safely on top of a data platform

We skip the basics We Llook as managers

No data-platform recap. Decisions, owners, loop
control.

Opening | Follow

We count economics

Data, features, inference,
review.

up
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Block 1

Management
frame

Governed path from data to decision
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® ® Block 1 - Model Build/Buy/Hybrid
Operating-model options il

||

Managed / ‘ '

celf-cervice Domain Aybrid

Common path Hypothesis Common ctandard

Platform standards Quality and rick Cuctom runtime
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Block 1 - Evaluation Criteria
Evaluate the loop, i
not the stack
+ What speeds up results + What contains risk
Hypothesis - live validation. Reproducible data, features, evals.
Repeatable release path. Stop rules, rollback, blast radius.

Self-service without losing control. Unit cost and path reversibility,.



Block 2

Data and feature
contracts

Which data and features are safe for models



D t I tf Block 2 - Boundary  DataOps / MLOps
ata platform el
is not MILOps
Data platform DataQps / ML Ops
Fit for training,
Catalogs, lineage, accese inference and refeace
Reliable path to data products Features, evals, runtime

| Pelease and feedback




Block 2 - Chain | Lifecycle

The model lifecycle is governed
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raining Release +

— Featoures —> ‘—9' ot —
Chaps hot carore + evale Reg: 7 moniforing

Feedback refurns to the data and the next version




Block 2 - Features Contract

One feature contract for
training and inference
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Featuvre contract

Offfine Online

Training Inference

Version, owner, freshness; control training-cerving skew



Data antipatterns
for ML

Unreproducible training slice.

Features without owner/version/SLA.

Offline metrics hide production skew.

Retrain hides data/policy debt.

Block 2 -

Risks | Antipatterns
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Block 3

Safe model
release

Model release must be governed



Release gates: replay,
shadow, canary, A/B, rollback

Replay

Shadow

Canary

A/B

Block 3 - Gates

¢ Ceady
ctafe

Quality, runtime and businecs stop roles; rollback at every step

|

Release
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Block 3 - Ownership @ Accountability

Who owns a model release
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J Release decision

Product ML Platform
Error cost Quality SLO and rollback




Model Quality L
Is Not the Decision

AUC: Area Under Curve.
Precision and recall measure prediction quality.
Decision: cost, latency and risk.

Release card: threshold and ftallback.



Block 4

Serving
and runtime
economics

A production model costs money every minute: in

features, inference, review and operational support



Block 4 - Runtime

Online, batch and
streaming inference
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Batch Streaming

Reply now Batch worbload Event ctream
Latency SLO Coct and window Freshness




Block 4 - Choice | Managed / Own

Managed or owned runtime ©/meen

+ When managed is enough + WWhen to own

Fast launch, standard load profile. Custom routing, fallback, strict SLA.
Baseline SLO and monitoring are Predictable volume; unit cost matters.
enough.

Special access/audit/environment
Error cost < platform complexity. policies.



Block 4 - FinOps | Drivers

FinOps for models:
how to calculate cost

O oxn

Model coct
Features Training { Serving Human review
evale
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Block 4 - Allocation | Showback

Cost must map
to an owner
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al
Coct allocation
Buginese scenario I
. Model / endpoint Domain / product
antifraud, :
) expencive rovtes decision owner
recommendations

Showback firct; chargeback after metrics, rules and owners



Block 5

Observability,
feedback and
maturity

After release you need a system that sees degradation,

collects feedback and scales without heroics



Human review and
quality governance

Cignale

Reacon
queves

SLA-bound

review

L

Correction

|

Block 5 -

Correct data, policy or the next model vercion

Meaguvre

closure J

gl EIfE

Quality

loop
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Growth requires a more el
mature operating model
Pilot Growth Regulation Seale
Data Fragmented Contracts Lineage R Policies
Refe: Manual Canary =6ater Audit
Runtime One path Fallback Environments Routes

Feedback Support Queves Reacon codes Closed loop



Final | Matrix

Manager’s
summary matrix
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Managed service: common path, fast launch.
Platform: release, observability, SLO, FinOps.
Domains: hypothesis, error cost, feedback.

Own runtime: control, scale, economics.

e A production model is a business loop.



Sources References

Links and materials
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Google Cloud — MLOps pipelines.
Sculley et al. — Hidden Technical Debt.

Feast Feature Store documentation: A~docs.feast.dev

NIST Al Risk Management Framework 1.0: 2nist.qov



